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および | | をパラメタと
するディリクレ分布から生成されると仮定する．図
で網掛けをしたディリクレ分布のパラメタ と観
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，97はその他の手術あり
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，そし
て99は手術なし








































脳梗塞 99 6.9% MDC01


































































































































Ⅰ群 Ⅱ群 Ⅲ群 加算1 加算2 加算3
1 79 72 74 5 0 0 1 1 5 0 1 59
2 365 0 2 18 342 3 6 81 154 7 64 36
3 118 6 6 48 64 13 15 43 78 1 9 56
4 142 1 0 57 85 15 24 61 107 0 8 104
5 180 0 0 9 170 1 4 39 85 3 38 17
6 84 0 0 1 83 1 1 1 16 16 10 0
7 22 4 0 6 16 0 1 2 1 0 0 1
8 28 1 0 1 26 0 0 0 6 0 0 2
9 44 0 0 0 44 0 0 0 0 1 1 0
10 23 0 0 0 23 0 0 0 10 0 4 1
11 93 0 0 1 92 0 0 4 8 18 9 1
12 88 0 0 0 87 0 0 0 4 25 7 0
13 34 0 0 1 32 0 0 1 3 4 4 0
14 44 0 0 0 44 0 0 2 2 12 5 1
15 73 0 0 0 73 0 0 1 9 1 16 0
16 74 0 0 0 74 0 0 1 7 14 13 0
17 6 0 0 0 6 0 0 0 0 3 0 0
18 139 0 0 4 135 1 0 9 23 16 28 4
19 12 0 0 0 12 0 0 0 7 0 1 0
20 16 0 0 0 16 0 0 0 0 0 1 0
合計 1664 84 82 151 1424 34 52 246 525 121 219 282
平均 83.2 4.2 4.1 7.6 71.2 1.7 2.6 12.3 26.3 6.1 11.0 14.1
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Abstract
　In order to promote the differentiation and cooperation of medical functions, it is necessary to grasp the hospital 
function based on objective data and make use of it in decision making of medical policy. Therefore, in this research, 
the author devised a method to analyze hospital functions from published DPC (Diagnosis Procedure Combination) 
data using the method cultivated in the natural language processing field and examined the relationship with the 
existing hospital function classification. The author applied a topic model that estimates topics hidden in hospitals by 
associating hospitals with documents, words as diseases, and word frequencies as disease frequencies. The author 
considered the topic obtained as a basic medical function and defined the hospital function by its composition ratio. 
As a result of hierarchical cluster analysis using the basic medical function (topic) of each hospital as a feature, 
correspondence was found between the cluster and the existing hospital function. In particular, the author was 
able to estimate Special Functioning Hospitals with high accuracy (precision 72/79 = 0.91, recall 72/84 = 0.86). The 
devised method is characterized by grasping the hospital function as a combination of a plurality of basic medical 
functions (topics), suggesting the possibility of quantitatively measuring the current state of functional differentiation 
of the hospital. However, the hospital function can not be identified only by the number of diseases actually treated. 
It is necessary to further improve the accuracy considering geographical conditions as well as the human and 
material resources possessed by the hospital.
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